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Abstract: There will be more than 7.5 billion smartphone users around the 
world by the end of the year 2026 (Statista, 2022). The increase in smartphone 
sales in India has caused tremendous growth in the mobile commerce sector. 
Recent reports predict that by the year 2025, India will have the second-largest 
market globally in the m-commerce sector after China. This paper explores the 
factors that affect mobile coupon application acceptance among Indians by 
using the extended UTAUT2 model as a theoretical background. This study 
applied SEM modelling for analysing the data with AMOS 25 software. The 
price value, internal social influence, external social influence, perceived risk, 
performance expectancy, trust, personal innovativeness, hedonic motivation, 
and mobile self-efficacy significantly impacted the mobile coupon application 
acceptance. 
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1 Introduction 

The Mobile Marketing Association (MMA) (2007) defined a mobile coupon as ‘a digital 
coupon that is delivered directly to the consumers’ mobile devices through which they 
can redeem a monetary discount’. Mobile coupons are a marketing strategy that offers to 
promote products at discount prices. According to Statista (2021), more than 60% of 
online shoppers worldwide look for coupon discounts from e-retailers (Stephanie, 2021). 
There will be more than 7.5 billion smartphone users worldwide by end of the year 2026 
(O’Dea, 2021). According to SpendEdge (2021), the global mobile coupon spending 
capacity will be more than USD 3,316.58 billion by the year 2025. Post COVID-19 
pandemic online shoppers worldwide have become price-saving oriented and  
health-conscious consumers (PwC, 2021). India will have more than 1 billion smartphone 
users by the year 2025 (Statista Research Department, 2021). Emarketer (2014) initially 
predicted India to have 200 million smartphone users by 2015, which was proved correct 
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as per the latest report of the Counterpoint Research (2016), which shows that there were 
around 220 million smartphone users in India at the end of December 2015. These 
extensive penetrations of smartphones have increased mobile commerce acceptance in 
India. In the year 2021, India had more than 400 million smartphone users (Statista, 
2021). These encouraging reports have also led Indian users to adopt mobile coupons 
through smartphones. 

The combined research report on mobile coupons released by Business Standard 
(2014) states that the digital coupons business in India is growing at a whopping 62%, 
with more than 7 million users per month. The report further says that more than 14% of 
virtual shoppers in India use digital coupons for virtual purchases. The top five coupon 
categories were 

1 mobile recharge 

2 travel 

3 fashion 

4 food and dining 

5 mobile and tablets. 

A large proportion of smartphone users in India are aged between 20–35 years (Statista, 
2021). Males contribute 65%, and female contributes 35% of mobile coupon usage. 
Paytm, e-bay, and Amazon are the three top brands used among Indians for coupon 
access (Business Standard, 2014). These growths have brought marketers’ attention to 
mobile coupons. 

Several exclusive Indian mobile apps offering digital coupons for various categories 
(such as Coupon India, Grabon, Coupon Dunia, Groupon, Paytm, Phonepay, Google pay, 
Mydala, Desidime, Coupon Raja, etc.) are available on Google play store/Apple iStore. 
Adopting such mobile coupons could help smartphone users receive personalised coupon 
messages ubiquitously and result in profitable growth for mobile business providers. The 
mobile coupons in India are at a very nascent stage, this research will identify the 
necessary factors that can drive mobile coupon acceptance through smartphone apps 
among Indians. Wang et al. (2015) state mainly the ubiquitous nature of mobile coupons 
can drive consumers to adopt MCOU effectively. Additionally, location-based mobile 
coupon service is a new area of mobile marketing, resulting in immense competition on 
pricing among retailers, which will eventually benefit the buyers (Zou and Huang, 2015). 

Chances of impulse purchase will be high if consumers adopt mobile coupons 
(MCOU) (Balakrishnan et al., 2020; Hui et al., 2013). Mobile coupon app adoption will 
lead to customer loyalty (Balakrishnan et al., 2020). According to Akram et al. (2020), 
Kim and Song (2020) state a need for more exhaustive research on mobile marketing, 
especially on mobile apps. The smartphone user installs several mobile apps in them; 
positioning a particular app on the first screen of the smartphone by the user is a 
challenging task for marketers (Shankar et al., 2016). The mobile coupon app will 
provide the customer with a feature to compare offers of competitors (Shankar et al., 
2016; Balakrishnan et al., 2020). There are a few dearth’s of studies investigated on the 
effect of trust, privacy, security, price, and self-efficacy, on behavioural intention towards 
mobile coupon app acceptance (BIMCOUA) (Nayal and Pandey 2020c; Lee and Choeh, 
2021; Shanker et al., 2016; Hsu and Tang, 2020; Balakrishnan et al., 2020). There are 
many factors such as price, trust, privacy, security, knowledge about mobile apps, etc. 
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that inhibits the acceptance of mobile marketing applications, and there exists limited 
knowledge on the acceptance behaviour of coupons over smart devices (Akram et al., 
2020; Balakrishnan et al., 2020; Carranza et al., 2020; Kim and Song 2020; Gupta and 
Wali (2020), Nayal and Pandey (2020a), Nayal et al. (2021), Hsu and Tang, 2020). 
Ahmed and Kranthi (2019) and Kim and Song (2020) had recommended examining the 
effect of price value on BIMCOUA. Akroush et al. (2020), Ozturk et al. (2017), Reinhart 
and Naatus (2017), Ahmed and Kranthi (2019) and Hsu and Tang (2020), recommended 
investigating more on the effect of trust, risk and privacy in the future studies. Nayal and 
Pandey (2020c), in their meta-analysis, identified that very limited literature and research 
studies conducted in this context of online coupon use behaviour and strongly 
recommended for future research. Manko (2022), Mathen (2014), Balakrishnan et al. 
(2020), Gupta and Wali (2020), Nayal and Pandey (2020a), Nayal et al. (2021), and 
Chopdar et al. (2018) described prospects in the mobile coupon scenario of India, 
wherein they recommended studying more on mobile coupon app acceptance (MCOUA) 
behaviour among Indian consumers. Thus, based on the above recommendations and the 
gap, this study addresses the determinants of BIMCOUA among Indian smartphone 
users. 

2 Theoretical background 

This research focuses on extending the unified theory of acceptance and the use of 
technology 2 (UTAUT2) in the mobile coupon app adoption context with other relevant 
constructs (Venkatesh et al., 2012). The best part of the UTAUT2 model lies in its 
explanatory part (Venkatesh et al., 2012). Alalwan et al. (2014), Baabdullah et al. (2014), 
Slade et al. (2014), Hew et al. (2015), Liu et al. (2015), Ahmed and Sathish (2017), 
Kranthi and Ahmed (2019) recommended extending UTAUT2 in MCOUA context with 
relevant variables. Liu et al. (2015) probed factors that affected MCOUA among Chinese 
consumers and recommended extending UTAUT2 in the MCOUA context in future 
studies. Shaw and Sergueeva (2019) and Rungruangjit (2020) recommended extending 
the UTAUT2 model in the MCOUA context. UTUAT2 is most suitable theory to 
understand the technology acceptance in consumer context (Ahmed and Sathish, 2017; 
Ahmed and Damodharan, 2022; Shaw and Sergueeva, 2019; Medeiros et al., 2022). 

3 Literature review 

The MMA defines a mobile coupon as a digital coupon sent directly to consumers’ 
mobile devices through which customers can apply discounts on their purchases. The 
popularly used mobile coupon apps in India are Coupon Dunia, Mydala, Groupon, 
Desidime, etc. which offer discount coupon codes for various products. Authors such as 
(Akram et al., 2020; Nayal et al., 2021; Nayal and Pandey, 2020a; Li et al., 2019; Hsu 
and Tang, 2020; Souiden et al., 2019; Dickinger and Kleijnen, 2008; Jennings, 2014; 
Agarwal and Karim, 2015; Ha and Im, 2014; Im and Ha, 2013; Liu et al., 2015; Yakasai 
and Jusoh, 2015; Shankar et al., 2016; Lee, 2012; Persaud and Azhar, 2012; Achadinha  
et al., 2014; Walt et al., 2015; Tseng and Chang, 2015; Tang et al., 2018; Hsu and Tang, 
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2020) have examined virtual coupon acceptance and recommended for more extensive 
research. This research paper focus on the following determinants: 

3.1 Performance expectancy (PREX) with BIMCOUA 

The PREX is operationally defined as ‘the consumer will adopt m-coupon app 
technology if he/she finds it worth or productive’. Chopdar et al. (2018), Chiang et al. 
(2013), Hew et al. (2015) and Venkatesh et al. (2003) stipulated that PREX is a critical 
determinant for mobile app acceptance. PREX significantly affects BIMCOUA among 
Thailand, Malaysian, Chinese, Israeli, Spanish, Indonesian and Canadian consumers 
respectively (Rungruangjit, 2020; Jayasingh, 2009; Tang et al., 2018; Greenstein‐Messica 
et al., 2017; Carranza et al., 2020; Pratiwi, 2018; Winata and Permana, 2020; Souiden et 
al., 2019). Tseng and Chang (2015) did an experimental study among Taiwanese 
consumers with three different types of mobile coupons, such as a traditional coupon, 
electronic coupon, and mobile coupon, wherein they found the PREX was not significant 
with BIMCOUA. PREX positively affects self-service adoption among French mobile 
users (Demoulin and Djelassi, 2016; Flacandji and Vlad, 2022). Gupta et al. (2021) states 
that PREX is an important predictor of continuous intention towards mobile coupon apps. 
Thus, the users look for more utility benefits from mobile coupon apps and therefore, the 
hypothesis (H1) can be framed as H1: PREX will significantly affect BIMCOUA. 

3.2 Effort expectancy (EFTY) with BIMCOUA 

The EFTY is operationally defined as ‘the consumer will adopt m-coupon app technology 
if he/she finds it easy to use’. User-friendly features of mobile apps are very critical and 
lead to more popularity among users (Chopdar et al., 2018; Hew et al., 2015). Nayal et al. 
(2021) and Rungruangjit (2020) found EFTY to impact BIMCOUA among Indian and 
Thailand consumers respectively. EFTY was the primary factor that positively affected 
BIMCOUA among Chinese (Liu et al., 2015) and Indonesian (Pratiwi, 2018; Winata and 
Permana, 2020) smartphone users. Balakrishnan et al. (2020) and Nayal et al. (2021) 
recommended investigating the effect of EFTY on BIMCOUA in the Indian cultural 
context. Gupta et al. (2021) states that EFTY is an important predictor of continuous 
intention towards mobile coupon apps. Therefore, the hypothesis (H2) of the present 
study is framed as H2: EFTY significantly affects BIMCOUA. 

3.3 Interpersonal social influence (INSIF) and external social influence (ESIF) 
with BIMCOUA 

Hsu and Chiu (2004) and Bhattacherjee (2000) defined social influence (SONF) with  
two dimensions: 

1 interpersonal social influence 

2 external social influence. 

INSIF is all about getting influenced through personal contacts like friends, family, 
colleagues, etc. The ESIF is defined as getting influenced through non-personal contacts 
like television ads, radio, social media, web blogs, print media, etc. ESIF is an important 
determinant that affects mobile technology usage and requires a separate investigation 
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(Balakrishnan et al., 2020; Ahmed and Kranthi, 2019; Fauziah et al., 2019); Kim, 2010; 
Yul, 2014; Ahmed and Sathish, 2017; Tran and Corner, 2016, Boakye, 2015). From the 
theoretical perspective, we can see that the SONF construct of UTAUT2 (Venkatesh  
et al., 2012) measures only the INSIF part, whereas the ESIF part is not measured. 
Therefore, the ESIF variable is included in the extended UTAUT2 model to predict the 
BIMCOUA context. 

3.3.1 Interpersonal social influence 
The INSIF is operationally defined as ‘the consumer will adopt the m-coupon app 
technology based on the recommendations of his or her inner circle of people (such as 
friends, family, and colleagues)’. INSIF is considered as one of the important constructs 
in BIMCOUA studies (Tseng and Chang, 2015; Agarwal and Karim, 2015; Yakasai and 
Jusoh, 2015; Ha and Im, 2014; Jayasingh and Eze, 2010; Achadinha et al., 2014). Tseng 
and Chang (2015) urged to investigate the effect of INSIF on BIMCOUA. INSIF has 
strong influence on BIMCOUA among Indians (Balakrishnan et al., 2020; Baxi and 
Patel, 2021), Malaysians (Yakasai and Jusoh, 2015; Jayasingh and Eze, 2010), 
Indonesian (Fauziah et al., 2019), Indonesian (Pratiwi, 2018) and US consumers (Im and 
Ha, 2013; Ha and Im, 2014; Jennings, 2014). There is a need to investigate INSIF on 
BIMCOUA in the Indian context (Ahmed and Sathish, 2017; Baxi and Patel, 2021; Nayal 
and Pandey, 2020b; Balakrishnan et al., 2020). The hypothesis (H3) can be framed as H3: 
INSIF will significantly influence BIMCOUA. 

3.3.2 External social influence 
The ESIF is operationally defined as ‘the consumer will adopt the m-coupon app 
technology based on the influence of external media (such as television ads, online flash 
ads, social media, newspapers, online blogs, etc.)’. The reason for investigating the effect 
of ESIF is because mobile commerce companies spent a lot of money on ads promotion 
through various channels (such as websites, social media, prints media, internet blogs, 
mobile apps, online catalogues, e-magazines, etc.). The research results mainly show us 
the effect of ESIF on BIMCOUA. Many mobile coupon apps use promotions through 
Coupon Dunia, Groupon, My dala, Coupon raja, etc. via various channels such as social 
media, internet blogs, print media, newspapers, magazines, and print/online catalog in 
India. ESIF plays an important role in technology adoption studies (Kim, 2010; Yang, 
2012; Yul, 2014) and recommends researching other forms of social influence in mobile 
shopping adoption studies. Kim (2010) and Erkan et al. (2021) found ESIF to impact 
mobile service adoption positively. ESIF is a critical component that affects mobile 
technology usage, and it needs separate investigation (Erkan et al., 2021; Hazarika et al., 
2021; Nayal and Pandey 2020c; Kim, 2010, Yul, 2014; Ahmed and Sathish, 2017; 
Ahmed and Kranthi, 2019; Tran and Corner, 2016, Boakye, 2015). ESIF is a rarely 
investigated element in mobile technology adoption studies (Erkan et al., 2021; Hazarika 
et al., 2021; Hsu and Tang, 2020; Li et al., 2019). Therefore, the hypothesis (H4) of the 
present study could be framed as H4: ESIF will significantly impact BIMCOUA. 
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3.4 Facilitating conditions (FLC) with BIMCOUA 

The FLC is operationally defined as ‘consumer will adopt mobile app technology-based 
resources (such as money to pay for the internet) and support facilitation (such as a 
suitable device which supports apps)’. Chopdar et al. (2018) state that the FLC 
significantly influences BIMCOUA among US and Indian mobile users. Demoulin and 
Djelassi (2016) state that PBC plays a vital role in self-service technology adoption. The 
PBC results positively affect BIMCOUA among Malaysian (Yakasai and Jusoh, 2015; 
Achadinha et al., 2014), Vietnamese (Chau and Deng, 2021), Indian (Kumar and Ayodej, 
2021) and Indonesian (Pratiwi, 2018) consumers. Souiden et al. (2019) and Iskandar 
(2018) strongly recommended studying the effect of FCL on MCOUA in the future. 
Therefore, the hypothesis (H5) of the present study could be framed as H5: FLC will 
significantly influence BIMCOUA. 

3.5 Hedonic motivation (HMTV) with BIMCOUA 

The HMTV is operationally defined as ‘a consumer will adopt the m-coupon app 
technology if he or she feels joyful in using it’. HMTV results in having a significant 
positive relationship with m-technology adoption (Im and Ha, 2015, 2013; Venkatesh  
et al., 2012). Chopdar et al. (2018) identified HMTV as a significant determinant of 
mobile app adoption among US and Indian mobile users. HMTV positively affects 
BIMCOUA among the Canadians (Souiden et al., 2019), Indian (Gupta and Wali, 2020), 
USA (Im and Ha, 2015, 2013), French (Flacandji and Vlad, 2022) and Chinese (Liu  
et al., 2015; Tang et al., 2018) smartphone users. The consumer gets hedonically 
motivated to flash deals offered through mobile apps, so there is a need for more research 
on HMTV construct on app adoption (Kranthi and Ahmed, 2018; Ahmed and Kranthi, 
2019; Shankar et al., 2016). HMTV can also lead to positive word of mouth (Kranthi and 
Ahmed, 2018; Gupta and Wali, 2020). Therefore, the hypothesis (H6) of the present 
study could be framed as H6: HMTV will significantly impact BIMCOUA. 

3.6 Price value (PRCL) with BIMCOUA 

The PRCL is operationally defined as ‘consumer will adopt m-coupon app technology if 
he or she thinks that the financial benefits gained with the use of such apps are more than 
the cost of using them’. Using m-coupon apps will benefit consumers to receive discount 
offers ubiquitously, which will help them complete the purchase task effectively. 
Chopdar et al. (2018), Dodds et al. (1991) and Chung (2011) postulated that PRCL is a 
significant factor that affects BIMCOUA. Balakrishnan et al. (2020), Rungruangjit 
(2020), Greenstein‐Messica et al. (2017), Qi et al. (2018), Souiden et al. (2019), and Li  
et al. (2019) stipulated that PRCL is a critical determinant of BIMCOUA and positively 
affects BIMCOUA among American, Thai, South African, Israel, Chinese, Canadian and 
Taiwanese smartphone users respectively. PRCL positively affects the satisfaction of 
using mobile coupons among South Korean (Lee, 2012; Lee and Choeh, 2021), Pakistani 
(Ahmed and Sarwar, 2018; Akram et al. 2020), Thailand (Rungruangjit, 2020), Croatian 
(Filipović, 2020), Italian (Ieva et al., 2018), Indian (Kumar and Ayodeji, 2021) and 
Canadian (Persaud and Azhar, 2012) consumers. Nayan and Pandy (2020c), Kumar and 
Ayodeji (2021) and Lee and Choeh (2021) recommended more research on mobile 
coupon use behaviour with respect to price. Balakrishnan et al. (2020) and Rungruangjit 
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(2020) recommended extending UTAUT2 in the MCOUA context. Therefore, the 
hypothesis (H7) of the present study could be framed as H7: PRCL will significantly 
impact BIMCOUA. 

3.7 Habit (HBI) with BIMCOUA 

The HBI is operationally defined as ‘consumer will adopt m-coupon app technology if he 
or she is habituated in using it for shopping purpose’. Walt et al. (2015) and Hsu and 
Tang (2020) states that the ubiquitous nature of mobile coupon apps can addict customers 
to adopt mobile coupons. Liu et al. (2015), Nayal and Pandey (2020c), and Smith et al. 
(2019) recommended investigating the effect of HBI on BIMCOUA. Thus the hypothesis 
(H8) can be framed as H8: HBI will significantly influence BIMCOUA. 

3.8 Trust (TST) with BIMCOUA 

The TST is operationally defined as ‘a consumer will adopt the m-coupon app technology 
if he or she trusts the m-commerce service provider’s commitment aspects’. TST 
positively affects BIMCOUA among Chinese (Tang et al., 2019), Indonesian (Fauziah  
et al., 2019), Canadian (Souiden et al., 2019), South Korean (Lee, 2012), and Indian 
(Agarwal and Karim, 2015; Baxi and Patel, 2021) smartphone users. Baxi and Patel 
(2021), Souden et al. (2019), and Fauzia et al. (2019) recommended investigating the 
impact of TST over BIMCOUA. Therefore, the hypothesis (H9) of the present study 
could be framed as H9: TST will significantly influence BIMCOUA. 

3.9 Perceived risk (PDRK) with BIMCOUA 

The PDRK is operationally defined as ‘the consumer will adopt the m-coupon technology 
if he or she thinks sharing personal and financial information on the coupon app will not 
affect them in any form’. A consumer might be afraid of fake coupons offered over the 
internet. Tseng and Chang (2015) recommend researching more on the effect of PDRK 
on BIMCOUA. Tang et al. (2016, 2018) stated that privacy issues inhibit consumers from 
adopting mobile technology, and it also affects location-based service (Zou and Huang, 
2015). PDRK has no significant impact on BIMCOUA among the US (Jennings, 2014) 
and Chinese (Liu et al., 2015) consumers. PDRK is an important determinant and 
negatively affects BIMCOUA among the USA (Im and Ha, 2015; Ha and Im, 2014), 
Canadian (Ladhari et al., 2022), Chinese (Tang et al., 2018) and Indian (Baxi and Patel, 
2021; Nayal and Pandey, 2020a, 2020b) mobile coupon users. Therefore, the hypothesis 
(H10) of the present study could be framed as H10: PDRK will significantly influence 
BIMCOUA. 

3.10 Mobile self-efficacy (MAEY) with BIMCOUA 

The term MAEY is operationally defined as ‘consumer will adopt the m-coupon app 
technology if they have enough knowledge on how to use it’. MAEY results positively 
impact BIMCOUA (Yakasai and Jusoh, 2015; Achadinha et al., 2014; Hsu and Tang, 
2020). Nayal et al. (2021), Balakrishnan et al. (2020), and Hsu and Tang (2020) 
recommended investigating the effect of MAEY on BIMCOUA. Therefore, the 
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hypothesis (H11) of the present study could be framed as H11: MAEY will significantly 
influence BIMCOUA. 

3.11 Personal innovativeness (PIO) with BIMCOUA 

The PIO is operationally defined as ‘consumers who are open and hesitant free towards 
new technology will adopt m-coupon app for the current study’. Agarwal and Prasad 
(1998, 1999) and Kim and Garrison (2009) states that PIO is a critical element in 
technology acceptance studies. Kranthi and Ahmed (2018), Ahmed and Kranthi (2019), 
and Xu et al. (2016) stipulated that personality factors play a significant role in 
BIMCOUA. PIO among Indian PIO significantly influences BIMCOUA among Indian 
consumers (Agarwal and Karim, 2015; Nayal and Pandey (2020b, 2020c) and USA 
consumers (Jung et al., 2013). PIO had a positive impact on BIMCOUA among the USA 
(Ha and Im, 2014), Malaysian (Jayasingh and Eze, 2010), South Koreans (Lee, 2013), 
and Chinese consumers (Liu et al., 2015). Ahmed and Sathish (2017) and Nayal and 
Pandey (2020a, 2020b, 2020c) recommended investigating PIO on MCOU context. 
Therefore, the hypothesis (H12) of the present study could be framed as H12: PIO will 
significantly influence BIMCOUA. 

Figure 1 Conceptual framework 

 

 

Notes: PREX = performance expectancy, EFTY = effort expectancy, INSIF = internal 
social influence, ESIF = external social influence, FLC = facilitating conditions, 
HMTV = hedonic motivation, PRCL = price value, HBI = habit, TST = trust, 
PDRK = perceived risk, MAEY = mobile application self-efficacy,  
PIO = personal innovativeness and BIMCOUA = behavioural intention towards 
mobile coupon acceptance. 
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4 Methodology 

4.1 Sample profile and sample size 

This research study collected data from working professionals living in Bengaluru city. A 
purposive sample of 320 (refer to Table 1) was collected, of which only 286 were only 
usable. The reason for selecting Bengaluru city is because it was one of the top five cities 
in India where mobile coupon sales are high, as per the joint report of Google and 
Forrester published in the year 2014 (Business Standard, 2014). The data consist of 
68.5% of males and 31.5% of females. The majority of the sample was aged less than  
30 years of age. More than 40% of the samples had income – more than Rs. 30,000 per 
month. 51% of the samples were using a smartphone for more than 8–12 hours and 
around 31.5% of the sample use smartphones for more than 12 hours. This research study 
adopts the purposive sampling method and collected data from only those respondents 
who are aware and have used mobile coupons through apps at least once. 
Table 1 Descriptive statistics 

Descriptive statistics Frequency Percent 
Gender 
 Male 196 68.5 
 Female 90 31.5 
Age 
 19–22 108 37.8 
 23–25 98 34.3 
 26–28 50 17.5 
 29–32 21 7.3 
 > 33 9 3.1 
Income 
 Rs. 0–30,000/Month 107 37.4 
 Rs. 30,001–60,000/month 140 49.0 
 Rs. 60001–90,000/Month 29 10.1 
 > Rs. 90,001/Month 10 3.5 
Number of hours usage of smartphone per day 
 Less than eight hours 50 17.5 
 8 to 12 hours 146 51.0 
 More than 12 hours 90 31.5 
Mobile internet technology 
 2G 78 27.3 
 3G 158 55.2 
 4G 50 17.5 
Total 286 100.0 
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Table 2 Measuring instruments loadings and their sources 

Items Loadings Adapted and slightly modified from sources 
PREX1 0.739 Venkatesh et al. (2012), Jennings (2014), Ahmed and Sathish 

(2017) and Ahmed and Kranthi (2019) PREX2 0.849 
PREX3 0.846 
EFTY1 0.824 Venkatesh et al. (2012), Jennings (2014) and Ahmed and Kranthi 

(2019) EFTY2 0.825 
EFTY3 0.893 
EFTY4 0.815 
INSIF1 0.871 Venkatesh et al. (2012), Jennings (2014), Ahmed and Kranthi 

(2019) INSIF2 0.993 
INSIF3 0.805 
ESIF1 0.748 Bhattacherjee (2000), Kim (2010) and Ahmed and Kranthi (2019) 
ESIF 2 0.710 
ESIF3 0.829 
ESIF4 0.786 
FLC1 0.955 Venkatesh et al. (2012) and Ahmed and Kranthi (2019) 
FLC2 0.784 
FLC3 0.773 
FLC4 0.917 
HBI1 0.875 Venkatesh et al. (2012) and Ahmed and Kranthi (2019) 
HBI2 0.731 
HBI3 0.779 
PRCL1 0.751 Venkatesh et al. (2012), Liu et al. (2015), Ahmed and Sathish 

(2017) and Ahmed and Kranthi (2019) PRCL2 0.832 
PRCL3 0.880 
HMTV1 0.794 Venkatesh et al. (2012), Liu et al. (2015), Ahmed and Sathish 

(2017) and Ahmed and Kranthi (2019) HMTV2 0.786 
HMTV3 0.864 
MAEY1 0.766 Agarwal et al. (2000), Ahmed and Sathish (2017) and Kranthi and 

Ahmed (2018) MAEY2 0.946 
MAEY3 0.852 
MAEY4 0.781 
TST1 0.740 Persaud and Azhar, (2012), Wei et al. (2009), Ahmed and Sathish 

(2017) and Ahmed and Kranthi (2019). TST2 0.870 
TST3 0.745 
TST4 0.770 
TST5 0.862 
TST6 0.796 
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Table 2 Measuring instruments loadings and their sources (continued) 

Items Loadings Adapted and slightly modified from sources 
PDRK1 0.743 Im and Ha (2015), Ahmed and Sathish (2017) and Ahmed and 

Kranthi (2019) PDRK2 0.815 
PDRK3 0.726 
PDRK4 0.827 
PIO1 0.859 Ha and Im (2014), Liu et al. (2015), Ahmed and Sathish (2017) and 

Ahmed and Kranthi (2019) PIO2 0.784 
PIO3 0.896 
BIMCOUA1 0.721 Venkatesh et al. (2012) Jennings (2014), Ahmed and Sathish 

(2017), and Ahmed and Kranthi (2019) BIMCOUA2 0.886 
BIMCOUA3 0.945 

4.2 Measuring instruments 

Table 2 shows all the 49 measuring items. The five-point Likert scale was used to 
measure the level of agreement with value ‘1’ denoted as ‘strongly disagree’ and ‘5’ as 
‘strongly agree’. 

5 Data analysis and results 

The statistical analysis is conducted using IBM Statistical Package for the Social 
Sciences 26 (SPSS 26) and IBM Analysis of a Moment Structures version 25 (AMOS 25) 
were used to analyse the data. The covariance-based structural equation modelling (SEM) 
was applied to test the hypotheses. Multiple series of relationships can be tested using 
SEM techniques (Byrne and Stewart, 2006; Byrne, 2012). According to Anderson and 
Gerbing (1988) methodology, the reliability and validity of the constructs are to be 
verified before testing the hypothesised path relationship. 

5.1 Measurement model 

The confirmatory factor analysis (CFA) showed that the indicators mainly used to 
measure the latent variables were having high in terms of factor loadings above 0.7, 
which is considered appropriate (Hair et al., 2006; Steiger, 1990). The reliability 
Cronbach’s alpha should be above 0.7 for each item (Brown, 2002). Further investigation 
is to identify how much variance is explained by each constructs with its residual error 
using average variance extracted (AVE) values. Fornell and Larcker (1981a, p.45) 
defines AVE as ‘a measure of the amount of variance that is captured by a construct in 
relation to the amount of variance due to measurement error’. See Table 3 the results of 
the constructs have AVE values are above 0.5 which is appropriate for construct validity 
(Fornell and Larcker, 1981b; Chin et al., 1997; Chin, 1998). The discriminant validity 
refers to ‘the correlation between indicators of constructs should not have correlation and 
it should be distinct’ [Fornell and Larcker, (1981b), p.41]. See Table 3 all the constructs 
have the unique square root of AVE values which are distinct from each other and there 
is no high correlation among constructs. Hence the constructs are valid (Hair et al., 2006). 
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Table 3 CR, AVE, MSV, ASV, and LVC 
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From Table 3, it is observed that all the constructs have average squared variance, and 
mean squared variance values are less than 0.50 and also have values lesser than AVE 
which is appropriate (Hair et al., 2010). The degrees of freedom ratio (CMIN/df = 1.325), 
goodness of fit index (GFI = 0.901), normed fit index (NFI = 0.914), and comparative fit 
index (CFI = 0.980) are more significant than 0.90, which is considered to be a good fit 
(Hair et al., 2006; Bentler, 1990). The Root mean square error of approximation 
(RMSEA = 0.030) value is less than 0.08 than deemed a good fit (Hu and Bentler, 1999). 
Table 3 shows values of composite reliability (CR), AVE, discriminant validity (DVAL), 
maximum shared variance (MSV), average shared variance (ASV) and latent variable 
correlation (LVC). 

5.2 Structural model 

The IBM AMOS 25 software was used to analyse the path analysis. The fit indices value 
of the structural model 
1 the degrees of freedom ratio [CMIN/DF = 1.326] 
2 the goodness of fit index [GFI = 0.902] 
3 normed fit index [NFI = 0.904] 
4 comparative fit index [CFI = 0.974] 
5 root mean square error of approximation [RMSEA = 0.034 
6 adjusted goodness of fit index [AGFI = 0.824]. 
The fit indices values of the structural model are appropriate to the minimum 
recommended criteria for the model fit. Thus, the proposed model has a good fit. Table 4 
shows the goodness of fit index. 

Figure 2 SEM output obtained with the use of AMOS 22 

 

 

Notes: PREX = performance expectancy, EFTY = effort expectancy, INSIF = internal 
social influence, ESIF = external social influence, FLC = facilitating conditions, 
HMTV = hedonic motivation, PRCL = price value, HBI = habit, TST = trust, 
PDRK = perceived risk, MAEY = mobile application self-efficacy,  
PIO = personal innovativeness and BIMCOUA = behavioural intention towards 
mobile coupon acceptance. 
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Table 4 Fit indices and their recommended values of structural model 

Goodness of fit statistics Values obtained Recommended values 
CMIN/DF 1.325** < 3 (Chin and Todd, 1995),  

< 2 (Byrne, 1989) 
Degrees of freedom 842 As low as possible 
Minimum fit function Chi-square 1,116.882 As low as possible 
Root mean square error of 
approximation (RMSEA) 

0.034** < 0.08 (Hu and Bentler, 1999; 
Hair et al., 2006) 

Goodness of fit 0.902 > 0.9 (Hair et al., 2006; Hu and 
Bentler, 1999), > 0.8 (Hair et al., 

1998, 2006) 
Normed fit index (NFI) 0.924** > 0.9 (Bentler, 1990) 
Comparative fit index (CFI) 0.974** > 0.90 (Hu and Bentler, 1999) 
Adjusted goodness of fit index (AGFI) 0.824** > 0.80 (Henry and Stone, 1994) 
Root mean square residual (RMR) 0.034** < 0.08 (Hair et al., 2006) 

Note: * = close to fit, ** = absolute fit, CMIN/DF= degrees of freedom ratio. 
Table 5 Path coefficient 

Path Hyp. Sig. Estimate S.E. C.R. P 
PREX → BIMCOUA H1 Supported 0.158 0.051 3.202 0.001** 
EFTY → BIMCOUA H2 Not-supported 0.075 0.049 1.301 0.193ns 
INSIF → BIMCOUA H3 Supported 0.173 0.046 3.582 *** 
ESFI → BIMCOUA H4 Supported 0.183 0.053 3.686 *** 
FLC → BIMCOUA H5 Not-supported 0.027 0.033 0.631 0.528ns 
HMTV → BIMCOUA H6 Supported 0.143 0.051 2.776 0.006** 
PRCL → BIMCOUA H7 Supported 0.259 0.056 4.876 *** 
HBI → BIMCOUA H8 Not-supported 0.030 0.054 0.72 0.471ns 
TST → BIMCOUA H9 Supported 0.186 0.049 3.827 *** 
PDRK → BIMCOUA H10 Supported –0.164 0.051 –3.148 0.002** 
MAEY → BIMCOUA H11 Supported 0.111 0.042 2.296 0.022** 
PIO → BIMCOUA H12 Supported 0.144 0.044 2.961 0.003** 

Notes: where: C.R. = Critical ratio, Hyp. = Hypothesis, Sig. = Significance, ns = Not 
significant, S.E. = Standardised estimate, *** = 99.99% confidence level,  
** = 99% confidence level, * = 95% confidence level. 

5.3 Hypotheses testing 

Except for the hypotheses H2, H5 and H8, all other hypotheses such as H1, H3, H4, H6, 
H7, H9, H10, H11 and H12 were significant at ρ-value < 0.05 (i.e., confidence  
interval = 95%). Refer to Table 6 and Figure 2 for all the path analysis co-efficient values 
between the constructs. Also, refer to Table 6 for all the supporting literature. The PREX 
with β = 0.158, INSIF with β = 0.173, ESIF with β = 0.183, HMTV with β = 0.143, 
PRCL with β = 0.259, TST with β = 0.186, MAEY with β = 0.111, and PIO with  
β = 0.144 are having positive significant (ρ-value =< 0.001) relationship towards 
BIMCOUA. The PDRK with β = –0.164 has a negative significant (ρ-value =< 0.001) 
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relationship towards BIMCOUA. The EFTY, FCL and HBI had no significant 
relationship towards BIMCOUA. 
Table 6 Supported studies 

Path Significance 
level 95% β Supported studies 

PREX → 
BIMCOUA 

< 0.05 0.158 Jayasingh (2009), Demoulin and Djelassi (2016), 
Agarwal and Karim (2015), Jennings (2014), 
Greenstein et al. (2017), Tang et al. (2018), Chopdar  
et al. (2018), Iskandar (2018), Li et al. (2019) and 
Carranza et al. (2020) 

EFTY → 
BIMCOUA 

> 0.05 0.075 Im and Ha (2015), Tang et al. (2018) and Iskandar 
(2018) 

INSIF → 
BIMCOUA 

< 0.05 0.173 Agarwal and Karim (2015), Baxi and Patel (2021), 
Fauziah et al. (2019), Yakasai and Jusoh (2015), 
Jayasingh and Eze (2010), Im and Ha (2013), Ha and 
Im (2014), Jennings (2014), Iskandar (2018) and Zhao 
et al. (2016). 

ESFI → 
BIMCOUA 

< 0.05 0.183 Hazarika et al. (2021), Erkan et al. (2021), Kim (2010), 
Tang et al. (2016), Li et al. (2019) and Hsu and Tang 
(2020). 

FLC → 
BIMCOUA 

< 0.05 0.027 Kumar and Ayodeji (2021), Hew et al. (2015), Chopdar 
et al. (2018), Souiden et al. (2019) and Iskandar (2018). 

HMTV → 
BIMCOUA 

< 0.05 0.143 Tang et al. (2018), Gonzalez (2016), Im and Ha (2015, 
2013), Liu et al. (2015), Souiden et al. (2019) and 
Gupta and Wali (2020) 

PRCL → 
BIMCOUA 

< 0.05 0.259 Achadinha et al. (2014), Ahmed and Sarwar (2018), 
Akram et al. (2020), Kumar and Ayodeji (2021), Nayal 
and Pandey, (2020a, 2020b), Lee (2012), Persaud and 
Azhar (2012), Gonzalez (2016), Greenstein et al. 
(2017), Smith et al. (2019), Li et al. (2019), Fauziah  
et al. (2019), Souiden et al. (2019), Filipović (2020), 
Manko (2022) and Hsu and Tang (2020). 

HBI → 
BIMCOUA 

> 0.05. 0.030 Hew et al. (2015), Chopdar et al. (2018); Shanker et al. 
(2016) 

TST → 
BIMCOUA 

< 0.05 0.186 Tang et al. (2019), Lee (2012), Agarwal and Karim 
(2015), Zhao et al. (2016) and Fauziah et al. (2019) 

PDRK → 
BIMCOUA 

< 0.05 –0.164 Im and Ha (2015), Ha and Im (2014), Chopdar et al. 
(2018), Reinhart and Naatus (2017), Tang et al. (2018), 
Nayal and Pandey (2020a, 2020b) 

MAEY → 
BIMCOUA 

< 0.05 0.111 Zhao et al. (2016), Yakasai and Jusoh (2015) and 
Achadinha et al. (2014) 

PIO → 
BIMCOUA 

< 0.05 0.144 Agarwal and Karim (2015), Jung et al. (2013), 
Jayasingh and Eze (2010), Ha and Im (2014), Lee 
(2013), Liu et al. (2015) and Nayal and Pandey (2020a, 
2020b) 

Note: Where Sig. = significant, ns. = non-significant and β = path coefficient. 
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6 Discussion 

This study results have shown that apart from UTAUT2 constructs, non-UTAUT2 
constructs such as PDRK, TST, MAEY, PIO, and ESIF significantly impact BIMCOUA. 
Progressive technological modifications had a little significant relationship between the 
few constructs and BIMCOUA. In this research analysis, few hypotheses were not 
supported because of differences in various technologies. Venkatesh et al. (2012) has 
found that the results of UTAUT2 might differ across different culture and technology. 
There is a dearth of studies exists on the effect of HBI on BIMCOUA. However, the HBI 
is a vital construct of UTAUT2 (Venkatesh et al., 2012), and there is a need for more 
investigation on the effect of HBI on BIMCOUA (Ahmed and Kranthi, 2019; Walt et al., 
2015; Liu et al., 2015; Shanker et al., 2016) in future studies. Other significant constructs 
are well supported (refer to Table 6). 

7 Theoretical contribution 

This study has contributed to the existing research studies and literature on UTAUT2, by 
extending it with other relevant variables such as TST and PDRK MSEY, ESIF, and PIO. 
The explanatory power with R2 = 0.725 of the extended UTAUT2 model is substantial in 
this study. The other authors, such as Ahmed and Sathish (2017), Ahmed and Kranthi 
(2019), and Slade et al. (2014), have extended the UTAUT2 model in m-banking,  
m-travel, and m-payment app acceptance context respectively. This study has proved that 
the UTAUT2 model is applicable in the BIMCOUA context as well. This study also 
supports the argument of Rungruangjit (2020), Ahmed and Sathish (2017), and Ahmed 
and Kranthi (2019), who stipulated that ‘extending the UTAUT2 model with relevant 
constructs could increase the explanatory power of intention in technology acceptance 
studies’. This study has shown that the constructs such as TST, PDRK, MSEY, ESIF, and 
PIO have a significant relationship towards BIMCOUA through the UTAUT2 approach. 

8 Conclusions and implications 

The research paper findings help us to conclude that PRCL, TST, ESIF, INSIF, PDRK, 
PREX, and HMTV are the determinants of BIMCOUA. PRCL is the most significant 
determinant of BIMCOUA. The policymakers must note that if the m-commerce 
providers offer good PRCL, then BIMCOUA through the app will increase among 
consumers. Increasing consumers adopting the m-coupon through the app could promote 
personalised m-coupon offers based on location leading to a more profitable business 
(Zou and Huang, 2015). TST results in having a second-largest impact on BIMCOUA. At 
least the respondents of this study have more TST on BIMCOUA. M-coupon service 
providers must make sure to keep the personal and transactional details of customers 
more securely to have a long-term customer relationship. The ESIF results in having a 
third-largest impact on BIMCOUA. The consumers who use m-coupon apps are mainly 
influenced by ESIF, such as newspapers, print ads, magazines, internet blogs, Facebook 
pages, social networking sites, social media, etc. The m-commerce providers must 
strategise their promotion more effectively using such external sources to succeed in 
business. The INSIF results as the fourth most important determinant for BIMCOUA. 
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The m-commerce providers must make sure that the user gets the best experiences while 
using an app to have positive word of mouth. The PREX is the fifth element most 
important element that affects BIMCOUA. The m-commerce providers can integrate 
modern features in mobile applications with technologies like artificial intelligence and 
Voice assistants to delight the users. The HMTV is the sixth most important factor that 
affects BIMCOUA. The m-commerce providers can integrate a few entertainment 
elements in the app like short flash games, quizzes, deals, etc. to increase the frequency 
of app usage. 

9 Limitation and future research 

A few limitations to this research are. First, the sample size selection consists of 
professionals from only one sector, leaving future research can focus on different sectors 
to generalise results. Second, this research study does not focus on socio-demographic 
variables mainly including variables like age, gender, experience, and income, so further 
studies can be extended to examine the moderating effect of these factors (Tang et al., 
2018; Carranza et al., 2020). Third, the specific categories of m-coupon acceptance were 
not considered in this study, [i.e., the respondents are adopters of BIMCOUA from all 
categories (travel, food, hotel, shopping, mobile internet recharge, etc. movie tickets, 
etc.)]. Therefore, future studies should examine BIMCOUA in specific app categories 
(Akram et al., 2020; Manko, 2022; Nayal and Pandey 2020a; Souiden et al., 2019; Tang 
et al., 2018; Im and Ha, 2012). App stickiness plays a significant role in BIMCOUA (Hsu 
and Tang, 2020) needs more investigation in the future. Fourth, the sample selected for 
this study is purposive, and it can be extended in future to other population segments. The 
various other factors such as Culture (Souiden et al., 2019; Carranza et al., 2020), brand 
familiarity (Nayal and Pandey, 2020c; Lee and Choeh, 2021; Wang, 2020), brand loyalty 
(Mills and Zamudio, 2018), perceived Informativeness, face value (Tseng and Chang, 
2015), aesthetics (Ha and Im, 2014), gaming conditions (Akram et al., 2020), Utilitarian 
and Hedonic product type (Tang et al., 2018; Khajehzadeh et al., 2015; Wang and Huang 
(2019), image/reputation (Im and Ha, 2013), social media (Li et al., 2019), habit (Smith 
et al., 2019), and location-based coupons offering (Souiden et al., 2019) can be examined 
in future. The price perception will keep fluctuating time-to-time (Akram et al., 2020; 
Gupta and Wali, 2020; Shanker et al., 2016; Nayal and Pandey, 2020c), so longitudinal 
studies aimed to give in more information in the future for better results. The proposed 
model can be further extended and tested with samples from other countries. There is a 
need for more research on BIMCOUA among rural Indians in the future. 
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